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High Resolution Urban Impervious Surface Extraction Methodology Based on

Remote Sensing
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Abstract; Increase of impervious surface areas, as a consequence of urban development, can im-
pair the ecological and hydrologic functions of cities. As one of the important indicators of sponge city,
the extraction of urban impervious surface becomes a fundamental subject. Based on a sponge city con-
struction project in Hebi, China, Landsat TM images and the BP artificial neural network algorithm was
used to extract impervious surface areas for Qibin District, Hebi City. Moreover, data converted from a
1 : 1 000 topographic map were used to validate the accuracy of the extracted impervious surface informa-
tion. The results showed that the overall accuracy was 79.82% and Kappa coefficient was 0. 65.
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