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Abstract: With an increasing number of SCADA system installed in the water supply network, the
method of pipe burst detection based on data prediction has been paid more and more attention. Most of
the traditional methods based on data prediction predict the current monitoring value according to the
historical monitoring data of single point flow and pressure. When the difference between the predicted
value and the monitoring value exceeds the threshold, the pipe burst was identified. However, practical
experience shows that the loss and error of monitoring data will seriously affect the single point prediction
results, and then cause frequent false positives and missing reports. Considering the spatial correlation
between actual water consumption and monitoring data (for example, the closer the distance of water

pressure monitoring points is, the greater the correlation of monitoring data is), water supply network pipe

EE2WB: zE&Ea BRI (202003AC100001)
WEMEE: #H E-mail: 765818261@qq.com

- 58 -



www. cnww1985. com Z L

S, 5 BT LSSVM & & F7m] 64 4K A8 W Bk 78 4]

%384 %94

burst was detected based on least squares support vector machine (LSSVM) interactive prediction. A multi

input and single output LSSVM interactive prediction model was constructed based on the monitoring

data of different positions in the pipe network. A double standard deviation was selected as the threshold

value for pipe burst detection, and the detection results were compared with those of traditional Kalman

filtering. LSSVM interactive prediction model could reduce the influence of data loss and data error on the

prediction results, and was more sensitive to small pipe burst, thus effectively improving the performance

of pipe burst detection based on data prediction.
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