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Abstract: Aiming at the uncertain impact of multi-granularity factor coupling on urban daily water
supply, a combined prediction model X11+LiESN based on multi-granularity mining and leakage integral
echo state network (LiESN) was proposed to improve the prediction accuracy of urban daily water supply.
The effectiveness of the model was verified by using daily water supply data of a water treatment plant in
Chongqing from January 1, 2018 to December 31, 2020. The mean absolute percentage error (MAPE) of
the proposed model was 3.42%, and the coefficient of determination (R*) was 0.862. Compared with single
models of LiESN, extreme learning machine (ELM) and BP neural network (BPNN ), the model exhibited
higher prediction accuracy and better description of daily water supply trend, and thus showed its

effectiveness and application potential.
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