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Abstract: As a kind of software for simulating rainfall situation, errors of SWMM will accumulate
continuously with the operation of the model, and ultimately affect the simulation results of the model due

to the uncertainty in the selection of model parameters within the empirical range. The traditional
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parameter calibration methods have the disadvantages such as low efficiency and poor accuracy.
Therefore, this paper completed the data interaction and integration between MATLAB and SWMM by
using MATLAB to call the hydraulic calculus program of SWMM, selected the parameters with high
sensitivity as the calibration object by using multiple stepwise regression method, and eventually realized
the automatic calibration of SWMM parameters by using Bayes-MH machine learning algorithm and
numerical experiment based on the sensitivity analysis. In different measured rainfall scenarios, the
results of automatic calibration were output smoothly, and the parameter matching degree was more than

95%, indicating that the method had excellent stability, self-adaptability and full-range parameter

FH40% FHSH

searching ability.
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Fig.3 Measured rainfall on May 17, 2019
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Tab.5 Parameter calibration values of total runoff
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